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Description

Imputes missing values of an incomplete data matrix by minimizing the Mahalanobis distance of
each sample from the overall mean. By utilizing Mahalanobis distance, this imputation method is
preferable to be used on datasets with highly correlated variables.
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2 mimdo

Usage

mimdo(incomplete_data, inverse, iterations = 30)

Arguments

incomplete_data
A data frame with missing values.

inverse If TRUE, the inverse covariance matrix will be used for distance calculation. If
the covariance matrix is non-invertible, use inverse = FALSE.

iterations Number of iterations. It can be adjusted to avoid long running time.

Value

The output returns a data frame of the complete imputed data. This means that the missing values
of the original incomplete dataset have been imputed. If the function does not return a value, this
means that the covariance matrix is not invertible and is exactly singular.

Author(s)
Geovert John D. Labita
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Examples

incomplete_data<-as.data.frame(matrix(c(5.1,NA,4.7,NA,3.0,3.2,1.4,1.4,NA,0.2,0.2,NA),nrow=3))
mimdo(incomplete_data, inverse=FALSE)
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